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Abstract:

Generative artificial intelligence tools are increasingly used in
architecture and interior design to visualize spatial narratives;
however, how different models interpret the same narrative
remains underexplored. This study comparatively examines
visual outputs produced by multiple generative AI models
using identical spatial storytelling prompts. Narratives derived
from Engeregin Gozti by Ziilfii Livaneli and Parasite directed
by Bong Joon-ho were transformed into standardized prompts
and visualized through Playground Al DALL E, ChatGPT,
Stable Diffusion, Runway ML, Leonardo, and OpenArt AL The
images were qualitatively analyzed based on spatial storytelling
capacity, text-image coherence, and contextual accuracy.
Findings demonstrate clear differences among models in
preserving narrative intent and atmospheric consistency. While
some models generate visually compelling but contextually
limited results, others align more closely with narrative
structure and spatial references. Overall, generative Al models
reconstruct rather than merely represent spatial narratives,
highlighting the importance of informed model selection in AI-
assisted spatial design processes.
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Introduction

Storytelling constitutes a fundamental mode of meaning-making through which individuals
construct, interpret, and communicate lived or imagined experiences. As Sat1 (2005) argues,
individuals are capable of constructing narratives through images perceived as familiar, often
without the mediation of language. When narratives intersect with space, they acquire a
sensory and experiential dimension, transforming spatial configurations into narrative
environments. In architecture and interior design, space functions not only as a physical
setting but also as a medium through which cultural, emotional, and symbolic meanings are
conveyed (Austin, 2020). Accordingly, spatial design inherently produces narrative through
form, materiality, light, scale, and atmosphere.

With the increasing integration of artificial intelligence into design disciplines, spatial
storytelling has entered a new phase of production. Generative artificial intelligence tools,
particularly text-to-image models, enable designers to translate linguistic descriptions into
visual spatial representations with unprecedented speed and diversity (Yildirnm & Kavut,
2024). These systems do not merely visualize predefined spaces; rather, they algorithmically
reinterpret narratives based on learned text—image relationships derived from large-scale
datasets (Polat, 2023). As Manovich (2010) emphasizes, language functions as the primary
interface through which narratives are quantified and transformed into visual outputs within
computational systems.

Recent studies have examined the role of artificial intelligence in creative production,
visualization practices, and design education. Research focusing on Al-supported creative
writing and scenario construction highlights that artificial intelligence can function not only
as a production tool but also as a cognitive partner that supports interdisciplinary thinking in
design processes (Isbilir & Boliikbas1, 2025). Furthermore, discussions on creativity in Al-
generated visuals emphasize that such outputs should not be understood as mere repetitions
of existing data, but as products shaped through relationships among datasets, prompts, and
semiotic structures (Kreminski, 2022; Giilacti, 2023).

However, despite this growing body of literature, existing studies predominantly focus on
single-model evaluations or general aesthetic outcomes. Comparative analyses that
systematically examine how different generative Al models interpret the same spatial
narrative—particularly in terms of spatial storytelling, atmospheric coherence, and contextual
accuracy—remain limited within architectural and interior design research. This gap restricts
a deeper understanding of how model-specific tendencies influence narrative-driven spatial
visualization.

This study addresses this gap by comparatively examining how various generative Al models
reconstruct identical spatial storytelling prompts. By analyzing Al-generated spatial imagery
derived from a literary narrative (Engeregin Gozii) and a cinematic narrative (Parasite), the
research evaluates differences in spatial storytelling, text—-image consistency, and contextual
accuracy. In doing so, the study argues that generative Al models actively shape spatial
narratives rather than functioning as neutral visualization tools. By offering a comparative
and narrative-oriented framework, this research contributes to the discourse on Al-assisted
design and provides practical insights for designers in selecting appropriate Al models for
atmosphere-driven spatial storytelling processes.
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1.1. Narrativization and Spatial Storytelling

Storytelling functions as a fundamental communication practice in which individuals
transform lived experiences, anticipated events, and imagined worlds into meaningful
structures. Instead of isolating individual moments, narrative allows for the perception of
experience as a continuous and relational whole. As Siitcii (2013) points out, storytelling
arises from shared human experience and functions as a collective mechanism for meaning-
making. In this sense, narrative is not limited to oral or written expression; it is also deeply
embedded in sensory perception and spatial experience. Sati (2005), conceptualizing
narrative as an innate human capacity, emphasizes that individuals make sense of the world
by constructing stories through temporal and perceptual frameworks. From this perspective,
narrative becomes not merely a linguistic act, but a process internalized through emotional
participation, identification, and experience.

Studies on reading spatial narratives through visual representation have shown that users
interpret written narratives through spatial images. In this context, Sipahioglu and Giirer
(2023) emphasized that there is a strong relationship between narrative and spatial perception,
and stated that visual representation tools strengthen the spatial readability of narrative.
Therefore, when applied to spatial contexts, narrative allows users to interpret and reconstruct
meaning through their bodily and sensory interactions with space.

Therefore, spatial storytelling does not presuppose a fixed or linear narrative structure.
Instead, it creates a narrative framework in which users actively participate by interpreting
spatial signs, sequences, and atmospheres. As Austin (2020) argues, space itself functions as
a means of communication and creates narrative tension through orientation, rhythm, and
movement. Accordingly, spatial storytelling transforms the user from a passive observer to
an active subject who experiences and reconstructs narrative meaning through spatial
interaction (Sati, 2005).

In this context, Sipahioglu and Giirer (2023) state that visual representation tools also increase
the spatial readability of written narratives. For example, Chen et al. (2023) state in their
study that automation and artificial intelligence-supported systems transform narrative
production processes and offer users different forms of interpretation. Thus, spatial narrative
ceases to be merely a verbal expression; it transforms into a multi-layered experience that
can be reproduced each time with digital visualization tools.

1.2. Generative Al and the Differentiation of Spatial Narrative Outcomes

Spatial meaning is constructed not only through explicit verbal storytelling but also through
sensory and atmospheric components embedded within the built environment. Elements such
as light, material, color, scale, texture, sound, and spatial sequencing collectively contribute
to the formation of spatial atmosphere. When perceived as a coherent whole, these elements
enable space to transcend its physical configuration and become a “place” imbued with
experiential and symbolic meaning. Within this context, the concept of genius loci
emphasizes that both natural and built environments derive their character from sensory and
structural qualities shaping human spatial experience (Alangoya, 2015).

Phenomenological approaches to architecture further argue that spatial meaning emerges
through embodied perception rather than abstract representation. Architectural components
such as form, light, and materiality therefore function as narrative devices guiding experience
over time (Austin, 2020). A frequently cited example is the oculus of the Pantheon, which
operates not merely as a structural opening but as a narrative instrument connecting space,
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time, and the divine through the controlled movement of light. Such examples demonstrate
that spatial narratives are often constructed implicitly through atmosphere rather than through
direct storytelling.

In contemporary design practice, artificial intelligence—based visualization tools have
increasingly become part of this atmospheric narrative production process. Unlike human
designers, whose visual imagination is shaped through lived experience, memory, and
intuition, Al systems generate imagery through learned relationships between textual and
visual datasets (Polat, 2023). As Yildirim and Kavut (2024) note, Al-assisted visualization
transforms traditional sketch-based design processes by accelerating image production and
enabling rapid iteration, while simultaneously reshaping the intuitive and ambiguous nature
of visual thinking.

This transformation has significant implications for future design practices. Different
generative Al systems produce distinct aesthetic, compositional, and atmospheric outcomes
when translating textual narratives into visual representations (Ye et al., 2024). Consequently,
identical narrative inputs may generate substantially different visual outputs depending on
the model employed. The training datasets, algorithmic priorities, and visual processing
strategies of each Al system directly influence how spatial narratives are interpreted and
reconstructed.

Generative Al systems based on CLIP architectures interpret spatial narratives primarily as
linguistic inputs and translate them into visual outputs through probabilistic associations
(Giilagt1, 2023). Rather than directly representing physical space, these systems produce
algorithmic reinterpretations shaped by training data, prompt structure, and model-specific
parameters. Al-generated spatial imagery should therefore be understood not as neutral
visualization, but as a form of narrative reconstruction. Subtle differences in linguistic
emphasis may significantly alter visual outcomes because language functions as the primary
interface between the user and the computational system (Manovich, 2010).

As illustrated in Figures 1 and 2, CLIP-based architectures separately encode textual and
visual information before aligning them within a shared representational space. This
alignment mechanism enables the model to associate linguistic descriptions with visual
patterns and explains why variations in prompt specificity can produce significantly different
interpretations of the same spatial narrative (Giilagti, 2023).
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Figure.l. Schematic representation of the CLIP text-image encoding process. Source:
(Giilagt1,2023).
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Figure.2. Text—image alignment and associative image generation in CLIP-based
architectures. Source: (Giilagt1,2023).

Accordingly, generative Al systems operating through CLIP-based architectures are
characterized by probabilistic interpretation and narrative variability. In spatial visualization
processes, outcomes differ according to the language, structure, and emphasis of the prompts
mediating the narrative. Achieving a particular atmospheric or aesthetic intention therefore
requires the transformation of spatial narratives into a linguistic format compatible with the
operational logic of artificial intelligence. This process, commonly referred to as prompt
engineering, shapes the communication between the user and the model (Giilagti, 2023).

Within the context of spatial storytelling, these differences become particularly critical. Al-
assisted visualization tools do not merely visualize space; they actively participate in
reconstructing spatial narratives by influencing how atmosphere, spatial hierarchy, and
contextual meaning are conveyed. Variations among generative Al models should therefore
be understood not simply as technical inconsistencies, but as narrative differences directly
affecting design interpretation and decision-making processes. Building upon this premise,
the present study comparatively examines how different generative Al models translate
identical spatial narratives into visual form, thereby establishing the conceptual foundation
for the methodological framework presented in the following section.

Methodology

This study adopts a qualitative comparative research design to examine how different
generative artificial intelligence models interpret and reconstruct the same spatial narratives.
Similarly, Avcr and Kavut (2024) used a text output and sketch created by the researcher as
input to two different Al-based visualization programs, thus conducting a qualitative study
examining the transformation of the sketch phenomenon with these two Al visualization
programs and their impact on the design. In this research, the methodological framework is
structured around the processes of narrative selection, text creation, obtaining visuals with
Al-based visualization tools, and comparative analysis of these outputs.
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2.1. Selection of Narrative Sources

To ensure narrative depth and spatial richness, one literary work Livaneli (2025) and one film
Bong (dir.,2019) were selected. These works were chosen due to their strong spatial
representations and their reliance on atmosphere, socio-cultural context, and narrative space
as integral components of storytelling. From each source, a spatial setting that played a
significant role in the narrative was identified and reinterpreted by the researcher as a spatial
story.

2.2 Construction of Spatial Narratives and Prompt Development

The selected spaces were re-narrated in textual form based on descriptive elements extracted
from the original sources, including spatial configuration, materiality, lighting conditions,
atmosphere, and symbolic meaning. These narrative texts were subsequently transformed
into prompts suitable for Al-based image generation using ChatGPT. Given that most
generative Al platforms operate primarily in English, the finalized prompts were translated
into English using the DeepL translation tool to minimize linguistic ambiguity and maintain
consistency across models.

2. 3. Al-Based Visualization Tools

The standardized prompts were visualized using multiple generative Al platforms:
Playground Al, DALL-E, ChatGPT, Stable Diffusion, Runway ML, Leonardo, and OpenArt
Al. Each model received the same prompt without additional stylistic constraints in order to
observe model-specific interpretative tendencies. This approach enabled a direct comparison
of how different Al systems reconstruct identical spatial narratives through their distinct
algorithmic structures and training data.

2.4. Evaluation Criteria and Comparative Analysis

The generated images were analyzed using a qualitative evaluation matrix developed by the
researcher. The analysis was conducted according to three primary criteria:
(1) Spatial storytelling, referring to the model’s ability to convey narrative intent and
atmosphere;

(2) Text—-image consistency, indicating the degree to which visual outputs align with the
prompt content;
(3) Contextual accuracy, assessing the coherence of cultural, historical, and spatial
references.

Each Al model’s outputs were evaluated comparatively based on predefined spatial imagery
derived from the narrative sources. The findings were organized into tables to identify
similarities, differences, and recurring patterns across models.

As presented in Table 1, hese criteria were developed to evaluate not only the visual guality
of Al-generated images but also their capacity to reconstruct spatial narratives through
atmosphere, context, and narrative coherence.
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Table 1. Evaluation criteria for comparative analysis of ai-generated spatial visualizations (prepared
ed by author)

Evaluation [Definition Analytical Focus |Relation to Spatial
Criterion Storytelling

. The ability of the Al-ggnerated Spatial hierarchy,  |Assesses how effectively the
Spatial image to convey narrative - .

. . . atmospheric visual output reconstructs the
Storytelling |intent through spatial . .
- coherence narrative qualities of space
composition and atmosphere
Correspondence

between described
elements (space,
material, light,
mood) and visual
representation

The degree of alignment
between the prompt and the
generated visual output

Evaluates the accuracy of
narrative translation from
language to image

Text—Image
Consistency

The coherence of cultural, Architectural Examines whether the spatial
Contextual |historical, and spatial typology, socio- narrative is situated within an
Accuracy [references within the generated |cultural markers, appropriate contextual

image temporal references |framework

2.5. Limitations

The study is limited to two narrative sources and a selected number of generative Al models;
therefore, the findings may not be generalized to all narrative types or Al systems. In addition,
the interpretation of spatial storytelling and contextual accuracy involves a degree of
subjectivity. Nevertheless, the comparative structure of the methodology provides a
consistent framework for examining narrative differentiation across Al-generated spatial
visualizations.

2.6. Sample Project: Application of the Methodological Framework through Cinematic
and Literary Spatial Storytelling

This sample project is presented to illustrate the application of the methodological framework
described above through two distinct narrative sources: a cinematic work (Parasite, dir. Bong
Joon-ho, 2019) and a literary work (Engeregin Goézii by Ziilfi Livaneli, 2025 edition). Both
works were selected due to their strong reliance on space as a narrative and atmospheric
construct, in which domestic interiors function as carriers of social, cultural, and symbolic
meaning.

In Fig. 3., 4., 5., and 6. present images selected from scenes representing the Kim family’s
living room in the film Parasite. Selected film stills depicting the residential interior were
used as reference material to contextualize the spatial narrative.
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Figure 3. Reference image from the film. Screenshot [00:03:29]. Bong (dir., 2019),
illustrating the spatial and atmospheric characteristics of the selected domestic interior. The
image is used solely for narrative contextualization.

Figure 4. Reference image from the film. Screenshot [00:06:53]. Bong (dir., 2019),
illustrating the spatial and atmospheric characteristics of the selected domestic interior. The
image is used solely for narrative contextualization.

Figure 5. Reference image from the film. Screenshot [06:49:57]. Bong (dir., 2019),
illustrating the spatial and atmospheric characteristics of the selected domestic interior. The
image is used solely for narrative contextualization.
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Figure 6. Reference image from the film. Screenshot [00:07:12]. Bong (dir., 2019),
illustrating the spatial and atmospheric characteristics of the selected domestic interior. The
image is used solely for narrative contextualization.

These images were employed solely to identify key architectural and atmospheric
characteristics such as spatial hierarchy, materiality, lighting conditions, and socio-cultural
symbolism. The film stills are not treated as analytical data nor directly compared with Al-
generated outputs; rather, they serve as visual anchors that inform the abstraction of spatial
narratives. Based on this visual examination, descriptive attributes such as narrowness,
darkness, aging, cluttered were identified as key spatial keywords. These keywords guided
the abstraction of the spatial narrative and directly informed the construction of textual
prompts used in the Al-based visualization process.

For Cinili Oda (Tiled Room), spatial references were derived from textual descriptions within
the literary narrative. Since the novel does not provide visual representations, the spatial
setting was reconstructed through close reading, focusing on descriptive passages related to
interior space, atmosphere, spatial boundaries, and symbolic associations. These textual
interpretations functioned as the primary reference material for constructing the spatial
narrative, enabling a comparison between visually explicit (cinematic) and imaginatively
reconstructed (literary) spatial sources. Based on this close reading, descriptive attributes
such as tiled, darkness, modesty, and mysticism were identified as key spatial keywords.
These keywords guided the abstraction of the spatial narrative and informed the construction
of textual prompts used in the Al-based visualization process.

In both cases, the extracted spatial narratives were reformulated into standardized textual
descriptions emphasizing atmosphere, spatial configuration, material qualities, and narrative
intent. These texts were subsequently transformed into prompts and used as input for multiple
generative Al models in accordance with the methodological procedure outlined in Section
2. The reference materials—film stills and literary descriptions—were not included in the
comparative evaluation of Al-generated outputs but served to ground the prompt construction
process and to clarify the narrative origin of each spatial scenario.

By incorporating both cinematic and literary narratives, this sample project demonstrates how
different modes of storytelling—visual and textual—can be translated into Al-assisted spatial
visualizations. The section thus clarifies the role of narrative abstraction, reference material,
and prompt formulation in shaping Al-generated representations of spatial atmosphere and
meaning.
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Findings
Table 2 presents Al-generated visualizations of the “Cinili Oda,” produced using an identical
spatial prompt across different Al tools to illustrate variations in spatial interpretation.

Table 2. Al-generated visualizations of the “Cinili Oda” produced using a shared spatial
prompt. Source: Authors’ own work.
Artificial Image
Intelligence
Tool
Playground

DALL-E

ChatGPT
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Runway ML

Leonardo

OpenArt

Stable
Diffusion

Table 3 presents a comparative overview of Al visualization tools based on their ability to
represent predefined spatial attributes—tiled, dark, mystical, and modest—associated with
the “Cinili Oda (Tiled Room).” The table summarizes the presence or absence of these
attributes in the generated images, allowing for a systematic comparison of how different Al
tools translate identical spatial prompts into visual outputs.

KABULCU, L. B.,, YARAREL DOGAN, B., & SALBACAK, S., (2026). Comparing Generative Al Models in Spatial
Storytelling. Journal of Art, Design and Architecture (JADA+Arch), 21-44. https://doi.org/10.5281/zenodo.20475488



Journal of Art, Design and Architecture (JADA+Arch)

Vol 02 No 01, May 2026,
E-ISSN: 3062-4037

Table 3. Comparative evaluation of Al visualization tools based on predefined spatial
attributes of the “Cinili Oda (Tiled Room).” Source: Authors’ own work.

Artificial Intelligence Tools
Playground DZH' Chatgpt|[Runway|Leonardo|Openart|S.Diffusion
Tiled + + + + + + +
Dark + - + - + n -
Mystical + - + - + + +
Modest - - + - - + -
Total 3 1 4 1 3 4 2

The symbols “+” and “—” indicate the presence or absence of the specified spatial
attribute in the generated images, as assessed according to the evaluation criteria

outlined in Section 2.4.

Table 4 presents Al-generated visualizations of the Kim family’s home in Parasite, produced
using an identical spatial prompt across different Al tools to illustrate variations in spatial

interpretation.

Table 4. Al-generated visualizations of the “Kim family’s home in Parasite” produced
using a shared spatial prompt. Source: Authors’ own work.

Artificial Intelligence Tool

Image

Playground

DALL-E
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ChatGPT

Runway ML

Leonardo

OpenArt

Stable Diffusion
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Table 5 presents a comparative overview of Al-generated visualizations based on predefined
spatial attributes—narrowness, darkness, aged, and clutter—derived from the Kim family’s
house in the film Parasite.

Table 5. Comparative evaluation of Al visualization tools based on predefined spatial
attributes of the Kim family’s home in Parasite. Source: Authors’ own work.

Artificial Intelligence Tools
Playground Daell- Chatgpt|Runway|Leonardo|Openart| S.Diffusion
Narrow + - + - - - ¥
Dark + - + - - - -
Aged + - + - - + -
Cluttered - + - + + + +
Total 3 1 3 1 1 2 2

The symbols “+” and “—” indicate the presence or absence of the specified spatial
attribute in the generated images, as assessed according to the evaluation criteria
outlined in Section 2.4,

Table 6 presents a comparative assessment of Al-based visual generation tools in terms of
their capacity to translate predefined spatial images into coherent narrative representations,
based on visualizations derived from Engeregin Gozii (Cinili Oda/ Tiled Room) and the film
Parasite. For this purpose, eight evaluation criteria were defined, comprising four spatial
images extracted from Cinili Oda(Tiled Room) and four from Parasite, representing the
maximum possible score for each tool. A cumulative score of four was considered a reference
threshold indicating a moderate level of spatial storytelling performance. Scores above this
threshold suggest a stronger alignment between the textual prompts and the generated spatial
narratives, whereas scores below indicate a more limited correspondence in terms of narrative
coherence and atmospheric translation.

Table 6. Comparative assessment of Al-generated spatial narratives derived from Cinili
Oda (Tiled Room) and Parasite. Source: Authors’ own work.

Artificial Cinili Oda Parasite Total Result
Intelligence (Tiled Room)
Tool
Playground 3 3 6 High
DALL-E 1 1 2 Low
ChatGPT 4 3 7 High
Runway ML 1 1 2 Low
Leonardo 3 1 4 Moderate
Openart 4 2 6 High
Stable Diffusion 2 2 4 Moderate

In Table 7, Al-based design tools are comparatively examined in terms of text-image
coherence and contextual accuracy, focusing on how the prompt derived from Cinili Oda
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(Tiled Room) was translated into visual representations. The prompt provided to the Al
models is presented below for reference:

“A small L-shaped Ottoman room called ‘Cinili Oda’ with low kiindekari carved wooden
ceilings, a cold and dim interior, a marble-inscribed doorway, Iznik-tiled walls opposite the
door and to the right, a long mattress furnished with four shawl-patterned cushions, a narrow
window partially covered with wooden and wrought-iron shutters allowing minimal daylight,
an elevated four-poster wooden bed with tulle curtains and golden tassels, a wooden stool
placed on a worn Turkish rug, two Islamic-arched niches with mother-of-pearl inlay holding
gas lamps, soft cold cinematic lighting, ultra-detailed textures of wood, tiles, and fabrics,
photorealistic quality, warm yet muted colors, a dramatic historical Ottoman atmosphere, and
realistic shadows and depth.”

The comparative analysis indicates notable variations in how different Al models interpret
and visualize the same spatial narrative. Playground Al and ChatGPT generate visual outputs
that demonstrate a relatively high degree of alignment with the intended spatial narrative and
contextual framework of the Tiled Room.

By contrast, models such as Stable Diffusion, Leonardo, and OpenArt tend to prioritize
stylistic expression, which may result in a reduced correspondence with historical and
contextual references. DALL-E and Runway ML successfully reproduce individual spatial
elements; however, integrating these components into a cohesive spatial narrative appears to
be more limited.

Overall, the findings suggest that certain Al models are more effective in narrative-oriented
spatial visualization, while others function more prominently as exploratory or inspirational
tools rather than as means of precise narrative reconstruction.

Table 7. Comparison of text—image coherence and contextual accuracy in Al-generated
visualizations based on Cinili Oda(Tiled Room). Source: Authors’ own work.

Artificial Image Reduced Contextual Result
Intelligence Accuracy and
Tool Narrative Integration

In this output, the High text—
entrance door is either  image

not clearly represented coherence
or visually obscured and

by a seating element,  contextual
and the absence of alignment.
tiled surfaces on the

right wall leads to a

reduced level of text—

image coherence and

contextual accuracy.

Playground
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DALL-E The absence of key Several key
architectural and elements
atmospheric described in
elements—such as the  the prompt
entrance door, low are either
ceiling, filtered inaccurately
window light, represented
patterned pillows, and  or omitted in
niche-placed gas the
lamps—results in visualization.
reduced text—image
coherence.

ChatGPT The ceiling is rendered High text—
higher than specified, image
and the absence of coherence
mother-of-pearl-inlaid and
niches and gas lamps  contextual
results in a reduction  alignment.
in narrative coherence
and contextual
accuracy.

Runway The room appears Several key

ML excessively bright due  elements
to the enlarged described in
window, and the the prompt
absence of a stool are either
weakens text-image inaccurately
coherence, while the represented
lack of shawl- or omitted in
patterned pillows the
reduces contextual visualization.
accuracy.

Leonardo The absence of key Several key
architectural and elements
decorative elements—  described in
such as the low the prompt
ceiling, kiindekari are either
woodwork, tiled right  inaccurately
wall, four-post bed, represented
and tulle curtains with  or omitted in
gold tassels—reduces the
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textual and contextual  visualization.
accuracy. :

Openart The wall opposite the  Several key
entrance lacks the elements
required tiled surface, described in
and the bed is depicted the prompt
without four posts, are either
gold tassels, or inaccurately
patterned cushions, represented
resulting in reduced or omitted in
textual and contextual the
accuracy. visualization.

Stable An excessively wide  Several key
Diffusion and unobstructed elements
window, along with described in
g the absence of the the prompt
marble-carved are either
entrance door, niche-  inaccurately
placed gas lamps, and  represented
four-post bed with or omitted in
gold tassels, weakens  the
textual and contextual  visualization.
coherence.

In Table 8, Al design tools are evaluated in terms of text—image coherence and contextual
accuracy based on the Parasite scenario. Runway ML generates visual outputs with relatively
minor deviations from the given prompt and is therefore assessed as comparatively effective
in this case. However, when considered alongside its performance in the Cinili Oda (Tiled
Room) visualizations, the results indicate a degree of variability, suggesting that the model’s
outputs are sensitive to both prompt structure and narrative context. Accordingly, Runway
ML appears to perform effectively for certain spatial narratives, while demonstrating limited
consistency across different narrative frameworks.

Table 8. Comparison of text—image coherence and contextual accuracy in Al-generated
visualizations based on the film Parasite. Source: Authors’ own work.

Artificial Image Reduced Result
Intelligence Contextual
Tool Accuracy and
Narrative
Integration
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Playground The broken Several key
window latch,  elements
piled furniture, described in
and the worn the prompt
curtain are not  are either
represented, inaccurately
resulting in represented
reduced or omitted in
narrative the
coherence and  visualization.
contextual
accuracy.

DALL-E The window is  Several key
neither elements
rendered large  described in
nor positioned  the prompt
atanelevated are either
level; the inaccurately
hallway is not  represented
visible, the or omitted in
space is not the
dimly lit, the visualization.
window latch
is not
represented,
and the curtain
lacks visual
clarity.

ChatGPT The window is  Several key
neither elements
rendered large  described in
nor positioned  the prompt
atan elevated are either
level, and inaccurately
stacked represented
furniture or or omitted in
cluttered tables the
are not visualization.
represented,
resulting in
reduced text—
image
coherence.
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Runway The window is  High text—

ML not rendered as image
narrow. coherence

and
contextual
alignment.

Leonardo Key spatial Several key
and elements
atmospheric described in
elements, the prompt
including the  are either
narrow inaccurately
elevated represented
window, dark  or omitted in
hallway, the
curtain, and visualization.
calibrated
lighting, are
not accurately
represented,
resulting in
reduced text—
image
coherence and
contextual
accuracy.

Openart The window is  Several key
neither elements
positioned at described in
an elevated the prompt
level nor are either
rendered as inaccurately
narrow, and represented
the space lacks or omitted in
the intended the
dim visualization.
atmosphere,
resulting in
reduced text—
image
coherence.
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Stable
Diffusion

The kitchenis  Several key
not elements
represented, described in
the window is  the prompt
neither are either
positioned at inaccurately
an elevated represented
level nor or omitted in
rendered as the

narrow and visualization.
appears to

have a newly

purchased

curtain, and

the corridor is

not clearly

legible,

collectively

weakening

text—-image

coherence and

contextual

accuracy.

Taken together, and as demonstrated by the tables and visual outputs, Runway ML exhibits
notable variability in contextual accuracy, performing less consistently in the Cinili Oda
(Tiled Room) case, while Leonardo demonstrates limited contextual alignment across both
narrative scenarios. Accordingly, in Table 8, Runway ML is characterized as ‘inconsistent’,
whereas Leonardo is classified as ‘low in contextual accuracy’.

As presented in Table 9, the below-average scores obtained by Runway ML and Leonardo
suggest difficulties in translating detailed spatial prompts into coherent narrative
representations. In particular, Runway ML shows reduced performance in contextual
accuracy and text—-image coherence, while Leonardo consistently remains below the
reference threshold across all evaluation criteria. These results indicate that both models face
limitations in sustaining narrative coherence when processing complex spatial storytelling
inputs. These findings highlight the importance of narrative complexity and prompt structure
in determining the performance of Al-based spatial visualization tools.

Table 9. Comparative evaluation of Al tools based on spatial storytelling, text—image
coherence, and contextual accuracy. Source: Authors” own work.

Artificial Intelligence Tools
Play Dall-e |Chatgpt [Runway [Leonardo |Openart |S.Diffusion
ground

Spatial . . i

Storytelling High |Low |High Low Moderate |High Moderate
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Text-Image High |Low |High Variable Low Low Low
Coherence

Contextual |, . . . . : :
Accuracy High |High |High Variable |Low High High

Conclusion and Suggestions

This In this study, selected spatial narrative scenarios were comparatively examined across
different generative artificial intelligence models within the framework of spatial storytelling.
Spatial narratives derived from the “Cinili Oda” in Ziilfii Livaneli’s Engeregin Gozii and the
Kim family’s house in the film Parasite constituted the primary data sources of the research.
The findings indicate that generative Al tools reconstruct spatial narratives in accordance
with their underlying aesthetic datasets and algorithmic tendencies.

Accordingly, while certain Al models produce more balanced outcomes in terms of spatial
storytelling, text—image coherence, and contextual accuracy, others generate visually striking
outputs that lack sufficient narrative coherence and contextual alignment. This demonstrates
that, within Al-assisted design processes—currently functioning primarily as supportive tools
that accelerate design workflows—maodel selection has a decisive influence on narrative and
atmospheric outcomes. Consequently, model selection should be regarded as a design
decision rather than a purely technical choice.

Based on the results obtained, several practical implications can be identified for designers.
In the context of spatial storytelling, Al-assisted production tools should not be considered
independently determinative. When approached as collaborative production partners, the
linguistic structure, sequencing, emphasis, and clarity of the designer’s spatial narrative play
a critical role in shaping the narrative quality and interpretive clarity of the resulting visual
outputs. For this reason, prompt writing—referred to in this study as prompt engineering—
can be considered a practice that requires further development within communities engaged
in spatial visualization production. In this respect, the study encourages designers to critically
reflect on which Al models are more suitable for specific types of spatial narratives, while
also emphasizing the importance of collective knowledge production through community-
based sharing.

Suggestions

This study has some limitations. Since the research is limited to spatial narratives derived
from a single film and a single literary work, the finding may vary when applied to different
narrative forms or cultural contexts. Furthermore, factors such as the number of Al models
used, their respective versions, and training datasets can directly affect the outputs produced.
Even when the same spatial scenario is visualized at different times using the same models,
differences may occur.Moreover, the processes of creating spatial narratives, translating them
into commands, and evaluating criteria such as text-image consistency and contextual
accuracy inevitably involve a degree of interpretive judgment, which can introduce subjective
elements into the analysis.

In this context, it is suggested that future studies should be structured around diverse
examples from different fields of art, literature and design, include different Al visualization
tools in the research and develop cross-cultural studies. This should be effective in observing
differences in narrative forms, as well as in examining tex-image-context differences in Al
visualization tools.
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However, despite these limitations, the study demonstrates that Al-powered visualization
tools can function as powerful tools for testing spatial narratives, refining conceptual ideas
and supporting decision-making processes in creative fields such as interior design,
architecture, film and art, particularly during the concept development and atmospheric
exploration phases.
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